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2.1.PointNet: Deep Learning_on Point Sets for 3D Classification and Segmentation (2017) [2]
2.2.PointPillars: Fast Encoders for Object Detection from Point Clouds (2019) [3]
2.3.Center-based 3D Object Detection and Tracking (2021) [4]
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PointNet: Deep Learning on Point Sets for 3D Classification and Segmentation (2017) [2]
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Classification Network
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Segmentation Network
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PointPillars: Fast Encoders for Object Detection from Point Clouds (2019) [3]
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Center-based 3D Object Detection and Tracking (2021) [4]
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a) Anchor-based t=1 b) Center-based t=1
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¢) Anchor-based t=2 d) Center-based t=2
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